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Motivation & Background

m \Want to search Lectures with diverse criteria
- e.g. with little assignments, less exams....

m How can | classify Lectures?

m Lecture Reviews give abundant Information, based on actual
participants




Related Works

m Works regarding IMDB Movie Reviews

- A.Maas, R. E. Daly, P. T. Pham, D. Huang, A. Y. Ng, and C. Potts, “Learning
word vectors for sentiment analysis,” in Proceedings of the 49th annual
meeting of the association for computational linguistics: Human
language technologies, 2011, pp. 142-150.

m Deal with Lecture Reviews

- H.Lim, G. Cho, and S. Shin, “Lecture evaluation sentiment analysis using
word embedding and text-cnn,” Proceedings of the Korean Information
Science Society Conference: Korean Institute of Information Scientists
and Engineers, pp. 1953-1955, 2017.




Problem Definition

m 1. How should rate my lecture review?
-  Whether it is positive/ negative toward lecture

m 2.Canlgetarecommendation for a course that suits me?
- Classify lecture reviews into diverse criteria
- This gives overall characteristic of the lecture
- Inthis project, focus on “Amount of Assighment”




Problem Definition

m 1. Classify Lecture Review into two category
- “Positive” or “Negative” toward Lecture

m 2. Classify Lecture Review in terms of Assignment
- “Little”, “Normal” or “Too Much”




Solving Approach (1) How to get Data
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Solving Approach (1) How to get Data
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Solving

1

2 1947649,0,208
3 1947649,0,208
4 1947649,1,238
5 1947649,0,208
6 1947649,1,4208
7 1947649,0,275
8 1947649,0,28
9 1947649,0,208
10 1947649,1,238
11 1947649,2,208
12 1947649,0,2F
13 1947649,1,4A08
14 1947649,2, 208
15 1947649,3,A08
16 1947649,4,208
17 1947649,0,208
18 1947649,1,4A08
19 1947649,2,208
20 1947649,3,208
21 1947649, 0, ¢10{et
22 1947649,1,210{2t
23 1947649,2,210{2t
24 1947649, 3, ¢10{2}

url_id, index, lecture_name,

Approach

How to get Data

professor_name,assignment_rate,score_rate, rate,semester, like, text
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Solving Approach (2) How to deal with Data
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Solving Approach (2) How to deal with Data

Leaving only

of Encoding Elimination Padding
Korean and

o words into of rare dataset into
English postposfnpn integer words equal size
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Solving Approach (2

Leaving only
Korean and

English
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Solving Approach (2) How to deal with Data

Leaving only RGO Encoding Elimination Padding

f .
O words into of rare

dataset into

Korean and
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Solving Approach (2) How to deal with Data

IIGERER
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Solving Approach (2) How to deal with Data:
Labels
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Solving Approach (3) Designing Model

m Whatis LSTM?

- Similar to RNN but better in remembering past
- Usually used for problems with time series or text files

| t |

. D h 4 N

—> ———® P -

@D
A (Mg A
(o] (@] [o]

— > -+

\ ¥ 4 A4 \ 4

© ® ©




Solving Approach (3) Designing Model

m 1. Classify Lecture Review into two category

Dense
Embedded Layer

Layer

Sigmoid
Change

input into return value
vectors in 0~1




Solving Approach (3) Designing Model

m 2. Classify Lecture Review in terms of Assignment

Dense

Embedded Layer
Layer

Softmax

. Change return value
Input into -
vectors (a, b, c]




Evaluation

m 1. Classify Lecture Review into two category

- Accuracy: 0.9588

Positive Prediction

Negative Prediction

Positive

323

4

Negative

0

13

m 2. Classify Lecture Review in terms of Assignment
- Accuracy: 0.6082

Little Pred. Normal Pred. Too Much Pred.
Little 6 90 17
Normal 20 376 79

Too Much 1 32 137




Evaluation

m Some Examples
- 1. Classify Lecture Review into two category

sentiment_predict("z4E HE Z

99.63% &&= 3d 2[Rl
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Evaluation

m Some Examples

- 2. Classify Lecture Review in terms of Assignment

assign_sentiment_predict ("2tH| L{F ZEOp!™)

[[0.11879208 0.11949543 0.76171243] .
assign_sentiment_predict ("ZtA QO{M LHFE E0i2")

[[0.251873 0.30653107 0.44159594]]

assign_sentiment_predict ("3fA| Slt= gl BE SoML")

[[0.5317472 0.13297397 0.33527878]]




| essons Learned & Conclusion

m Iriedto solve two problems
- 1. Classify Lecture Review into two category
- 2. Classify Lecture Review in terms of Assignment

m First problem had high accuracy while Second did not
m Why?




| essons Learned & Conclusion
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| essons Learned & Conclusion

m 1. Classify Lecture Review into two category

- Accuracy: 0.9588

Positive Prediction

Negative Prediction

Positive

323

4

Negative

0

13

m 2. Classify Lecture Review in terms of Assignment
- Accuracy: 0.6082

Little Pred. Normal Pred. Too Much Pred.
Little 6 90 17
Normal 20 376 79

Too Much 1 32 137




| essons Learned & Conclusion
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Result




| essons Learned & Conclusion

EI m Problem while Crawling Data

m More than 8000 lectures available,
ALO|E O 91ZI8H £ olg but could only approach 400

evevtime keolif SEet= Aol vz ez g More abundant data, better result
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| essons Learned & Conclusion

m Further research with better circumstances

m More development on this idea
- Recommendation of lectures according to previous reviews
- Assessment of lectures in diverse features




